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BEGIN
INITTALISE population with random candidate solutions;
EVALUATE each candidate;
REPEAT UNTIL ( TERMINATION CONDITION is satisfied ) DO
1 SELECT parents;
2 RECOMBINE pairs of parents;
3 MUTATE the resulting offspring;
4 FVALUATE new candidates:
5 SELECT individuals for the next generation;
oD
END
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String Initial |z Value| Fitness |Prob;|Expected|Actual
no population f(z) = z* count | count
1 01101 13 169 0.14 0.58 1
2 11000 24 576 0.49 1.97 2 |
3 01000 8 04 0.06 0,22 0
4 10011 19 361 0.31 1.23 1 I
Sum 1170 1.00 4.00 4
Average 293 0.25 1.00 1
Max 576 0.49 1.97 2
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String Mating |Crossover| Offspring | Value| Fitness
no. pool point |after xover f(z) = 2
1 0110]1 4 01100 12 144
2 11000 4 11001 25 625
2 11]000 2 11011 27 729
4 10j011 2 10000 16 256
Sum 1754
Average 439
Max 729
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String | Offspring Offspring |x Value| Fitness
no. after xover|after mutation flz) = a*
1 0I1100 111100 26 676
2 11001 11001 25 625
2 11011 11011 27 729
4 1 0@0 0 10[1j00 18 324
Sum R 2354
Average 588.5
Max 729
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